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Neurocle Intro The Next Level of Deep Learning Vision Inspection

The Next Level of Neurocle Machine Vision
Deep Learning Vision Inspection Ecosystem
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Core Technology
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Key Features
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Key Features

Smart Labeling
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Key Features

Enhancing Performance
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Lineup & License Overview
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Specification & FAQ
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oS Windows 10 64-bit, Windows 11 64-bit
RAM 32GB ol& 64GB 0|4
- Core £=: 4 O|& 1GPU: i7 0|4
Thread = 6 0|4 Multi GPU: i9 0|4
Neuro-T Server H22| 12GB 0|4
Neuro-X GPU (NVIDIA RTX 3080,
RTX 3090) NVIDIA RTX 4080
NVIDIA RTX 4090
CUDA Compute 7.0 OJA
Capability
Client Browser Chrome, Microsoft Edge
0s Windows 10 64-bit, Windows 11 64-bit
Linux Ubuntu 18.04, 20.04 amd64
CPU CPU Evaluation 7}
PC GPU H22| 4GB O 4
NVIDIA RTX 4080
CUDA Compute 7.0 OJAH NVIDIA RTX 4090
euro- Capability
THet shA Visual Studio 2017 0|4 Visual Studio 2019
— Jetson™ AGX Orin series, Jetson™ Xavier NX series,
Embedded =r= Jetson™ AGX Xavier Series
oS Jetpack v5.1.2 (Linux Ubuntu 20.04 arm64)
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Website  www.neuro-cle.com
Address  (05203) M2EHA| 257 IHH|=Wa|Z 4Z 3075
E-mail info@neuro-cle.com

Phone 02-6952-6897



